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Tab. 6 Major configuration of single node
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Kafka Version 0.9.00

Spark Version  1.5.0
ZooKeeper Version  ZooKeeper 3. 4. 6
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Abstract: In order to satisfy the requirement of storage and recovery capacity of national seismic data backup
center(NSDBC), this paper presents a distributed cluster model of seismic waveform data based on Kafka
message queue to optimize the efficiency of the current HBase read and written method for seismic waveform
data. Firstly, the features of big data storage architecture and traditional disk array are compared. Secondly,
the seismic waveform data analysis and periodic truncation are completed to by using C program and the infor-
mation is written into the HBase distributed database through the Spark Streaming cluster with Key-Value re-
cord form. Finally, the serial flow is compared with the speed of the data processing flow that presented in
this paper,which is based on NSDBC distributed storage and big data computing platform. The results show
that the distributed seismic waveform data processing architecture proposed in this paper has significantly im-
proved the performance of single-machine and thread, which proves the validity and practicability of this work.
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